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Active labor market programs (ALMPs) in the U.S. are, for the most part, administered by individual states.  Administering programs involves providing services to participants, but it also involves monitoring outcomes to insure that programs are effective. Washington State is a leader among states in terms of attempting to measure the efficacy of its programs.  The Washington State Workforce Training and Education Coordinating Board (WTECB) biennially publishes a report that examines labor market outcomes for participants in those programs.  Every four years, matched comparison cohorts are also analyzed to assess net impact:  i.e., how labor market outcomes for participants in workforce programs compare to the estimated (counterfactual) outcomes had they not participated.  These analyses are derived from administrative data, and thus the methodology is replicable in other states or countries.

During the past 10 years, the Upjohn Institute has, under contract, performed the net impact analysis three times for the WTECB.  For each of these contracts, we used virtually the same data handling algorithms and estimation techniques.  This consistency allows us to compare and contrast the results over time.  In particular, in this paper, we want to analyze how the results change over the business cycle.

The dynamics of the labor market affect the delivery of ALMPs in at least two ways.  First, since placement is the primary objective of programs, a softer labor market with higher rates of unemployment makes it more challenging to have successful outcomes.  Second, there may be a substantial change in the composition of the participants over the business cycle.  Individuals, who otherwise might be employed gainfully, may become laid off during a recessionary period, and so participants may on average have higher levels of work experience or other forms of human capital than individuals who participate when the labor market is strong.  Of course, the impact of the economy on placements affects program exiters, whereas the effects of the economy on the composition of the caseload impacts program entrants.

International evidence on the efficacy of training over the business cycle is mixed.  Hamalainen (2002) finds effectiveness to be pro-cyclical using Icelandic data; whereas Lechner and Wunsch (2006) find the opposite using German data.  Using Canadian data, Caponi, Kayahan, and Plesca (2009) have a hybrid finding with different results at the macroeconomic level than at the sectoral level.

Program Effectiveness over the Business Cycle


Figure 1 displays the annual Washington State unemployment rate between 1995 and 2009 and the annual growth rates in state gross domestic product.  The unemployment rate exhibits a fairly smooth cycle.  Over the years 1995 - 2008, this statistical series displays a full cycle of peak-to-trough-to-peak-to-trough and then entrance to the Great Recession with its unprecedented (in modern times) labor market weakness.  The GDP cycle is not as smooth as the unemployment rate series, and of course, is virtually out of phase with it as would be expected.  When state GDP is growing, then unemployment is relatively low, and vice versa.  The figure also indicates that the unemployment series may lag behind the GDP growth series.  The trough of the GDP growth series occurs in 2001, whereas the peak in the unemployment rate series is in 2003.  However, the peak in the GDP growth series occurs in 2007, coincident with the trough of the unemployment series.  
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The Upjohn Institute’s work with the WTECB (Hollenbeck and Huang 2003; Hollenbeck and Huang 2006; Hollenbeck, Huang, and Preuss 2011) involves analyzing administrative data on individuals who exited from their workforce development program during a particular fiscal year (July to June).  Note that the administrative data include individuals who did not complete their program activities as well as individuals who were deemed to have completed.  In particular, these studies analyzed individuals who exited from one of ten programs in 1997-98; 1999-2000; 2001-2002; 2003-2004; 2005-2006; and 2007-2008.  In figure 1, we have labeled the midpoints of the analyses periods as A - F.  

Most of the state’s workforce development programs serve adults, i.e., individuals 18 and over,
 however, two of the programs serve youth:  JTPA/WIA
 Youth and Secondary Career and Technical Education.  The former is mainly for young people who have dropped out of school, whereas the latter is a high school curriculum chosen by many students.  The other programs that are examined include JTPA/WIA Adult and Dislocated Worker programs, JobPrep, Worker Retraining, Adult Basic Education (ABE),
 Apprenticeship, Private Career Schools, and Vocational Rehabilitation (VR).  The JTPA/WIA Adult program mainly serves economically disadvantaged adults.  The JTPA/WIA Dislocated Worker and Worker Retraining programs are for workers who have lost their jobs and are unlikely to become re-employed in their last occupation or industry.  The former program is federally funded and the latter program is state-funded.  JobPrep is postsecondary, sub-baccalaureate technical training.  Adult Basic Education focuses mainly on lower level literacy or numeracy skill development.  Apprenticeships are typically preparation for skilled occupations and are joint employer/employee programs that involve work experience supplemented by formal educational training.  Private career schools are for-profit postsecondary institutions that generally provide occupational training.  VR is training for disabled individuals.  

For each of the programs in each study, we estimated net impacts of program participation on several labor market outcomes.  In this paper, we will focus on two:  employment and earnings.  In the studies undertaken for the WTECB by the Upjohn Institute, these outcomes are observed at two points in time:  in the third full calendar quarter after program exit, and in quarters 9 through12 (i.e., the third year) after program exit.  Due to data limitations, the longer term outcomes are only available for some of the years of data, so this paper examines only the employment and earnings outcomes in the third quarter after exit.
Hypotheses.  We explain in detail below the methods that we have used to generate net impact estimates.  Here we will be specific about hypotheses that might be held about the relationships between the net impact estimates of programs and the business cycle.  
Hypothesis 1:  Procyclicality.  Program effectiveness will be positively related to the business cycle, i.e., programs will be more effective when there are tighter labor markets with less unemployment.  In figure 1, the net impact estimates at C and D will be smaller than at A, B, E, and F.  If this hypothesis were true, then the primary way that the business cycle affects program effectiveness would be through individuals exiting from programs and the ease or difficulty with which they are placed.  

Hypothesis 2:  Relative procyclicality.  Because the way that programs change over time and because of potential changes in the structure of the economy and labor force, the notion of procyclicality over a long period of time (as in hypothesis 1) may not hold.  But rather, in the short run (just a few years), outcomes may be procyclical.  In other words, A may dominate B; D may dominate C; and E may dominate F because at those points the Washington economy is growing and unemployment is declining.  
Hypothesis 3:  Countercyclicality.  This hypothesis suggests that the business cycle effects are opposite from those suggested previously.  Instead, it suggests that program effectiveness is negatively related to the business cycle, i.e., programs are more effective when unemployment rates are at or near their peak and GDP growth is declining.  One reason that this might occur is because of compositional changes in the caseloads.  With a softer labor market, the individuals receiving services may have higher levels of human capital.  If this hypothesis were correct, then in figure 1, outcomes at C and D would be better than those at A, B, E, and F.
Hypothesis 4:  Short-term “work first” interventions will be more sensitive to the business cycle than human capital intensive interventions.  Some of the workforce development programs being analyzed involve multi-year education or training regimens; whereas others are fairly short-term, such as job search assistance.  This hypothesis posits that the latter will be more sensitive to the business cycle than the former.
Hypothesis 5:  Youth programs will not be sensitive to the business cycle.  As noted, two of the programs are specifically targeted on youth—secondary school career and technical education and WIA youth.  This hypothesis suggests that administrators of these programs are attempting to contribute to the development of youth and will have a longer-run perspective.  Thus outcomes will be relatively insensitive to the business cycle.
Hypothesis 6:  Programs serving more disadvantaged clients (youth, economically disadvantage, disabled individuals) will be more sensitive to the business cycle.  As the economy softens, it will be more difficult for program administrators to place individuals who may be perceived as having employment barriers.  Employers will be more likely to hire those with substantial work experience and/or human capital.
Method

The basic methodological problem is that we cannot measure the net impact for an individual who participates in a workforce development system program.  The “counterfactual” situation of participating in the next best alternative in the absence of the workforce development system is an imaginary construct for program participants.  Thus we cannot measure the difference in outcomes between participation and the counterfactual.  So, in order to estimate the net impact, individuals who encounter the workforce development programs must be compared to individuals who did not.  A problem arises if there are systematic (nonrandom) differences between the participants and the individuals to whom they will be compared.  In that case, we cannot distinguish whether any differences in outcomes are attributable to participation in the program or to the systematic differences in the individuals.  This is known as the attribution problem.

Theoretically, the best way to solve the attribution problem is to conduct a random assignment experiment.  When feasible, an experiment sorts individuals who apply and are eligible for program services randomly into two groups—those who are allowed to receive services and those who aren’t.  As long as assignment into treatment or control is random, then we can have a high level of statistical confidence that the program was responsible for any differences in outcomes.


The issue is moot, however, because experiments are not viable for the programs of interest to the WTECB.  For the most part, these programs are entitlements that serve anyone who enrolls.  Thus the net impact analyses have to be conducted via a nonexperimental methodology.  Individuals who encounter the workforce development programs are compared to individuals who didn’t and who are not randomly chosen.  In this situation, we attempt to match individuals who participated to individuals who didn’t using observed characteristics (such as education, prior work experience, age, sex, race, labor market, and so forth).  


Figure 2 depicts the matching situation.  T represents the data set with treatment observations, i.e., exiters from one of the workforce development programs, and U represents the data set from which the comparison set of observations could have been chosen.  For most of the programs, U is comprised of individuals who encountered the Employment Service during the years of interest but did not participate in any of the training programs in the study.  The vertical axis in the figure suggests that there are eligibility conditions to meet in order to gain access to the treatment.  Individuals may have been more or less eligible depending on their employment situation or their location or other characteristics such as age or family income.  The x-axis measures participation likelihood.  Individuals who are “highly” eligible (observations that would be arrayed near the top of the graph) may or may not participate.  On the other hand, individuals who are not eligible (near the bottom of the graph) may or may not have the desire to participate.  


Figure 2 is a heuristic illustration.  To be somewhat more concrete, consider JobPrep, which is technical training at community colleges.  The T set of individuals are those individuals who are “eligible” and who participated and exited from JobPrep.  (As we have divided the eligibility by participation space, this set of individuals is in quadrant I).  “Eligibility” in this case means that individuals have the necessary educational background and have the interest and aptitude to pursue such training.  Essentially four types of individuals encounter the Job Service, which is the comparison set pool.  Some individuals who encounter the Job Service meet the “eligibility” criteria, but have not chosen to pursue the JobPrep program (quadrant II).  Some individuals would pursue the training program but they are not “eligible” as we are defining it (quadrant IV).  Some individuals are neither “eligible” nor interested in such technical training (quadrant III).  A few individuals may actually have registered at the Job Service and be in the set of program exiters (quadrant I).  We actually remove them from the U set before matching.
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Figure 2  Treatment Sample and Full Sample from which Matched Comparison Sample may be Drawn.

The objective of matching is to find a set C comprised of the observations in U that are most “like” the individuals comprising T.  Fortunately, there is substantial overlap in the variables that are in the data sets, such as age, race/ethnicity, education at program entry, disability status, ESL status, gender, region of state, veteran status, prior employment and earnings history, and prior welfare/UI/food stamp receipt.  


Various nonexperimental net impact estimation techniques have been suggested in the literature.  For this study, we rely on propensity score matching.  In this technique, the observations in T and U are combined and a participation equation is estimated using logit regression.  The estimated probability of an observation in T or U being in the treatment sample is called the observation’s propensity score.  Treatment observations are matched to observations in the comparison sample with the closest propensity scores.  Note that identification of the treatment effect requires that none of the covariates X in the data sets are perfectly correlated with being in T or U.  That is, given any observation Xi, the probability of being in T or in U is between 0 and 1.  This is called the common support condition.  If there are Xi values (or linear combinations of Xi) that perfectly predict participation or non-participation (i.e., common support is violated), then the ith observation must be removed from the treatment set or comparison pool.  
A key assumption of propensity score matching is that participation is “explained” by the set of X variables except for random error.  That is, there is no unobserved variable that is correlated with being in the treatment or in the comparison set.  This is called the conditional independence assumption (CIA).  In other words, the CIA suggests that the (unobserved) outcome for a comparison observation is random given its observed characteristics.
An important consideration in implementing the matching approach is whether to sample from U with or without replacement.  Sampling with replacement reduces the “distance” between the treatment and comparison group cases, but it may result in the use of multiple repetitions of observations, which may artificially dampen the standard error of the net impact estimator.  Finally, the nearest-neighbor approach may be adjusted to require that the distance between the observations that are paired be less than some criterion distance.  This is called caliper or radii matching.  In this study, the matching was done with replacement and with a caliper.
Once the matched sample C is constructed, the net impact estimates are calculated by either regression-adjusting the difference-in-difference in means before and after participation in the program or, in some programs, where the assumption is made that an important time-varying characteristic has structurally changed, by regression-adjusting the difference in means.
Results

Table 1 presents the employment and earnings net impact estimates for 10 programs, by fiscal year.  As noted above, these impacts occur during the third full quarter after program exit.  Employment is defined as having more than $100 in earnings in that quarter, and earnings are mean earnings (added across employers if there are multiple employers) for individuals who have nonzero earnings in that quarter.  All of the earnings impacts have been converted to constant 2005 $.  In general, the results suggest that Washington’s workforce development programs are quite effective.  For the most part, the signs of the net impact estimates are positive and the estimates are significant.  The employment impacts are percentage points, so for example the very first entry in the table, 10.9, indicates that the employment rates of individuals who exited from the JTPA Adult program in fiscal year 97/98 was 10.9 percentage points higher than the (matched) comparison group for those program participants.  

This paper is about variation in the results across the business cycle, but before we turn to that, note that seven of the ten programs in the table have statistically significant positive employment impacts in every year that impacts have been estimated, and that the earnings impacts are positive and significant in every year for four of the programs.  These impacts can be converted to percentage impacts by dividing by the means for the comparison group.  These effect sizes in percentage terms seem reasonable for employment, but seem quite large for earnings.  Seven of the ten net employment impacts are in the 3 to 12 percent range.  On the other hand, half of the quarterly earnings estimates are over 30 percent.  Note that due to data limitations, we were unable to estimate net impacts for all six fiscal years for Private Career Schools, Secondary CTE, and Vocational Rehabilitation, but the table does report estimates for those programs for at least four of the six fiscal years.

	Table 1  Employment and Earnings Net Impact Estimates, by Program and Fiscal Year

	Program
	Outcome
	Fiscal Year

	
	
	97/98
	99/00
	01/02
	03/04
	05/06
	07/08

	WIA/JTPA Adult
	Employment

Earnings
	10.9***

458***
	3.6**

122
	9.7***

696***
	9.1***

822***
	12.0***

1,198***
	12.8***

1,559***

	
	
	
	
	
	
	
	

	WIA/JTPA Dislocated Worker
	Employment

Earnings
	7.5***

273***
	2.2**

-462***
	8.7***

768***
	11.6***

1,123***
	6.5***

531***
	10.1***

44

	
	
	
	
	
	
	
	

	WIA/JTPA Youth
	Employment

Earnings
	6.1***

-173
	-4.0

100
	4.2**

65
	-0.4

-267***
	11.2***

606***
	8.0***

359***

	
	
	
	
	
	
	
	

	Job Prep
	Employment

Earnings
	4.5***

898***
	7.6***

1,712***
	10.3***

1,249***
	9.2***

1,613***
	7.2***

1,816***
	6.6***

1,856***

	
	
	
	
	
	
	
	

	Worker Retraining
	Employment

Earnings
	5.4***

64
	8.0***

171
	5.6***

238***
	7.8***

388***
	7.8***

599***
	8.8***

367***

	
	
	
	
	
	
	
	

	Adult Basic Education
	Employment

Earnings
	2.0*

89
	-5.2***

-714***
	2.1***

7
	-1.3

206***
	-10.6***

393***
	-2.1***

210**

	
	
	
	
	
	
	
	

	Apprenticeship
	Employment

Earnings
	2.5*

1,911***
	5.4***

2,365***
	6.5***

2,479***
	7.4***

3,096***
	8.0***

3,705***
	7.8***

4,216***

	
	
	
	
	
	
	
	

	Private Career School
	Employment

Earnings
	--a
--a
	2.6**

11
	5.4***

450***
	4.8***

708***
	1.7***

532***
	-2.7***

558***

	
	
	
	
	
	
	
	

	High School CTE
	Employment

Earnings
	5.9***

452***
	5.5***

131***
	6.8***

269***
	6.7***

217***
	--a
--a
	6.0***

173***

	
	
	
	
	
	
	
	

	Vocational Rehab
	Employment

Earnings
	--a
--a
	--a
--a
	19.6***

863***
	6.8***

229***
	19.3***

261*
	12.8***

286**

	NOTE:  Earnings are in constant 2005 $. * significant at the 0.10 level (two-tailed test); ** significant at the 0.05 level (two-tailed test); *** significant at the 0.01 level (two-tailed test).

a Not estimated due to lack of data.



This paper is about variation in the results across the business cycle, but before we turn to that, note that seven of the ten programs in the table have statistically significant positive employment impacts in every year that impacts have been estimated, and that the earnings impacts are positive and significant in every year for four of the programs.  These impacts can be converted to percentage impacts by dividing by the means for the comparison group.  These effect sizes in percentage terms seem reasonable for employment, but seem quite large for earnings.  Seven of the ten net employment impacts are in the 3 to 12 percent range.  On the other hand, half of the quarterly earnings estimates are over 30 percent.  Note that due to data limitations, we were unable to estimate net impacts for all six fiscal years for Private Career Schools, Secondary CTE, and Vocational Rehabilitation, but the table does report estimates for those programs for at least four of the six fiscal years.

To get a sense of the relationship between the net impact estimates and the business cycle, table 2 rank orders the estimates for each of the seven programs for which net impact estimates were generated for all six fiscal years.  The bottom row of the table gives an average ranking for each fiscal year.  The first two fiscal years—97/98 and 99/00—have, by far, the highest average ranking, meaning that the net impact estimates for those years are the smallest in magnitude (or most negative).  Of the 14 program/outcome estimates, the 97/98 cohort had the smallest or most negative result six times, and the 99/00 cohort also had the smallest or most negative result six times.  

The middle two fiscal years—01/02 and 03/04—have average rankings in the middle of the three pairs of fiscal years, with results for 03/04 (point D on figure 1) far better than those at point C by a significant margin.  For fiscal 03/04, the average ranking is 3.18, whereas it is 3.64 for fiscal year 01/02.  The final two fiscal years—05/06 and 07/08—have the lowest rankings, i.e., the best outcomes.  The average ranking for point F (2.29) is lower than E (2.46).  
	Table 2  Ranking of Net Impact Estimates, by Program

	Program
	Outcome
	Fiscal Year

	
	
	97/98
	99/00
	01/02
	03/04
	05/06
	07/08

	WIA/JTPA Adult
	Employment

Earnings
	3

5
	6

6
	4

4
	5

3
	2

2
	1

1

	
	
	
	
	
	
	
	

	WIA/JTPA Dislocated Worker
	Employment

Earnings
	4

4
	6

6
	3

2
	1

1
	5

3
	2

5

	
	
	
	
	
	
	
	

	WIA Youth
	Employment

Earnings
	3

5
	6

3
	4

4
	5

6
	1

1
	2

2

	
	
	
	
	
	
	
	

	Job Prep
	Employment

Earnings
	6

6
	3

3
	1

5
	2

4
	4

2
	5

1

	
	
	
	
	
	
	
	

	Worker Retraining
	Employment

Earnings
	6

6
	2

5
	5

4
	3.5

2
	3.5

1
	1

3

	
	
	
	
	
	
	
	

	Adult Basic Education
	Employment

Earnings
	2

4
	5

6
	1

5
	3

3
	6

1
	4

2

	
	
	
	
	
	
	
	

	Apprenticeship
	Employment

Earnings
	6

6
	5

5
	4

4
	3

3
	1

2
	2

1

	
	
	
	
	
	
	
	

	AVERAGE RANKING
	4.71
	4.79
	3.64
	3.18
	2.46
	2.29


So how do these results conform to the hypotheses?  Unfortunately, there is not a clear confirmation.  The fact that the estimates for the earliest two years are worse than any of the other years seems to suggest that the programs are not procyclical.  However, the fact that the results for the last two years are so strong argues against countercyclicality.  Furthermore, the results for the individual years do not support the second hypothesis of relative procyclicality.  

However, we suggest that the results from the earliest two years may be discounted.  The federal job training program in operation at that time was JTPA as opposed to WIA for the other four fiscal years.  At the local level, the governing apparatus was known as Private Industry Councils (PICs), whereas under WIA, these boards became known as Workforce Investment Boards (WIBs).  Furthermore, the state went through a steep recession around 2001 that caused a restructuring of the state’s economy away from manufacturing (especially aviation) and toward government and services.  In short, we suggest that the average rankings starting with the fiscal year 01/02 results are suggestive that the effectiveness of workforce programs tend to be procyclical.  The results for the programs when the economy seemed to be in better shape in 05/06 and 07/08 ranked higher than when the labor market was softer in 01/02 and 03/04.


To test the last two hypotheses about sensitivity of programs to the business cycle, the standard deviations of the net impact estimates were estimated.  In order to normalize the standard deviations for comparative purposes, all of the estimated net impacts from table 1 have been converted to percentages.  Programs that have lower standard deviations in magnitude are assumed to be less sensitive to the vagaries of the business cycle, i.e., their impacts are relatively constant over the cycle.  Table 3 provides the mean and the standard deviation of the net impacts from table 1 converted to percentage impacts.  

The entries in table 3 are calculated as follows.  The net impacts in table 1 are divided by the mean employment rate and mean quarterly earnings of the (matched) comparison group.  For example, the first row of table 1 shows net impacts that range from 3.6 to 12.9 percentage points.  The mean employment rate for the comparison group is 58.6 percent.  So dividing each of the net impacts by that mean and then calculating the mean and standard deviation of those percentages yields a mean effect size of 16.5 percent with a standard deviation of 5.1 percent.  The interpretation of these results is that in three separate studies conducted over a period of 10 years that provided six estimates, the net impact on employment of the JTPA/WIA program for adults three quarters after they last received services averaged 16.5 percent.  This effect size has a standard deviation of 5.1 percent across the six estimates.  The mean quarterly earnings (in 2005$) for the comparison group is $2,376.  Similarly converting the net impacts from table 1 results in an average impact in percentage terms of 34.1 percent with a standard deviation of 19.8 percent.


The entries in table 3 suggest that more human capital enhancing (and longer) programs (JobPrep, Worker Retraining, Apprenticeship, and Private Career Schools) for the most part are less cyclical than the short-term training programs (JTPA/WIA adult and youth programs, ABE, and VR).  For example, the standard deviations for employment and earnings impacts for the Worker Retraining program are the smallest of any of the programs.  The two exceptions seem to be JTPA/WIA dislocated workers, which is typically thought of as a short-term program with minimal amounts of training, and high school CTE, which is an educational endeavor.  The 

	Table 3  Means and Standard Deviations of Net Impact Estimates, by Program

	Program
	Outcome
	Mean Percentage Net Impact (%)
	Standard Deviation of 

Percentage Net Impact (%)

	WIA/JTPA Adult
	Employment

Earnings
	16.5

34.1
	5.1

19.8

	
	
	
	

	WIA/JTPA Dislocated Worker
	Employment

Earnings
	9.1

5.2
	3.5

6.9

	
	
	
	

	WIA/JTPA Youth
	Employment

Earnings
	12.0

80.7
	14.5

66.8

	
	
	
	

	Job Prep
	Employment

Earnings
	9.9

48.7
	2.8

14.0

	
	
	
	

	Worker Retraining
	Employment

Earnings
	11.2

6.6
	1.6

3.1

	
	
	
	

	Adult Basic Education
	Employment

Earnings
	-4.7

1.6
	8.1

12.8

	
	
	
	

	Apprenticeship
	Employment

Earnings
	8.4

55.6
	2.6

15.0

	
	
	
	

	Private Career School
	Employment

Earnings
	3.2

12.7
	4.4

9.2

	
	
	
	

	High School CTE
	Employment

Earnings
	12.2

40.9
	5.5

27.2

	
	
	
	

	Vocational Rehab
	Employment

Earnings
	21.9

17.7
	18.3

18.7

	NOTE:  All table entries are in percents.


former has relatively small variation, whereas the latter has relatively large variation.  All in all, however, the statistics presented in table 3 tend to support the hypothesis (#4) that programs that

are intended to enhance human capital have net impacts that are less buffeted by the business cycle.


The table entries clearly reject the fifth hypothesis, which states that youth program outcomes should be relatively immune to the business cycle.  Both the JTPA/WIA Youth program and high school CTE have relatively large variation in their outcomes, which is contrary to the hypothesis.


On the other hand, the results in table 3 strongly confirm the last hypothesis.  A common denominator among the programs that had the highest levels of variation over the business cycle is that they primarily served (labor market) disadvantaged individuals.  As just noted, the two programs that serve youth have high levels of variation.  Furthermore, the JTPA/WIA program for disadvantaged adults, the adult basic education program which tends to serve adults with labor market barriers, and the vocational rehabilitation programs have relatively large standard deviations.  On the other hand, programs that serve individuals with substantial work experience or that impart significant levels of human capital have relatively small variations -- JTPA/WIA dislocated workers, JobPrep, Worker Retraining, apprenticeship, and private career schools.  In short, as suggested by hypothesis #6, the most vulnerable individuals seem to be the populations that are most adversely affected by the business cycle.  
Conclusion

In conclusion, this paper draws on over a decade of rigorous analyses of administrative data by a state agency evaluating federal job training, community college occupational training, apprenticeship, high school career and technical education, and vocational rehabilitation programs.  It comes from the perspective of a technician who developed the analyses and from the agency that directed and disseminated the analyses.  The breadth of programmatic coverage and perspectives on the production and utilization of these analyses are valuable for any governmental agency interested in ratcheting up the rigor of its program evaluations.

The net impacts that have been estimated over the years seem to point to a procyclical pattern for the workforce development programs as they have been administered over the past 10 years (Hypothesis #1).  More favorable outcomes occur for those cohorts of exiters who happen to complete or leave their programs during a year when the unemployment rate is relatively low and the growth rate of state GDP is relatively high.  An implication of this result is that the composition of the programs’ caseloads may not vary greatly over the business cycle.

Another result suggested by the data in table 3 is that programs whose main purposes are to enhance the human capital of participants through education and training tend to be less affected by the business cycle than programs intended to have short-term results. (Hypothesis #4)

The strongest result of the paper is that the programs that serve populations that tend to be the most disadvantaged with respect to labor market outcomes -- youth, economically disadvantaged adults, adults with low literacy skills, and disabled individuals -- are most affected by the business cycle (Hypothesis #6).  Other programs that tend to serve individuals with relatively high levels of human capital are less affected.  For example, the programs that serve dislocated workers who tend to have significant labor market experience have relatively stable outcomes over the business cycle.  Similarly, post-high school educational programs -- JobPrep and Private Career Schools -- also are relatively unaffected by the business cycle.  
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� Many of the programs do not have a specific minimum age, but often require high school completion or equivalent.


� For the analyses done with data from fiscal years 1997/98 and 1999/2000, the federal job training program was titled the Job Training Partnership Act (JTPA); in 2001, the program was replaced by the Workforce Investment Act (WIA), so for the youth program, disadvantaged adult program, and dislocated worker program, we have used both acronyms—JTPA/WIA.


�In Washington, ABE is offered at community colleges and in local facilities such as school districts.  Our analyses are restricted to the programs offered at community colleges.


�Even with an experiment, there may be implementation problems or behavioral responses that threaten its external validity, i.e. its ability to solve the attribution problem.  For example, problems such as crossover, differential attrition, or Hawthorne effects may arise.  See Mohr (1992).
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