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Abstract: This paper studies the effect of the current economic crisis on technological 

inequalities in Spain (Digital Divide and Digital Inequalities). Specifically, we focus on 

how this process of economic recession affects Internet usage and e-shopping adoption 

by Spanish citizens according to their social class. Studying to what extent there have 

been changes in the evolution of Internet usage and access to services such as e-

shopping involves asking questions regarding the impact of these economic 

circumstances on the digital possibilities of citizens and, therefore, regarding their 

material and social wellbeing. To meet this goal, a statistic analysis was performed, 

using the data of the "Survey on the equipment and use of information and 

communication technologies in households” by the Spanish National Statistics Institute 

(INE). These analyses show that the economic crisis does not seem to have a direct 

impact on the behaviour observed, although there does seem to be an indirect influence 

that informs us of the way technological inequalities are structured according to social 

class in Spain.  
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INTRODUCTION1: 

In this study we shall attempt to answer the following question. Is there any observable 

change in Internet usage habits or in Internet access levels among middle class families 

during the economic crisis Spain has been suffering since 2008?  

 The literature on the rise of the Information and Knowledge Society warns of the 

importance of Internet usage penetration among all population groups as a factor of 

social advancement and transformation. The Digital Divide thus becomes an essential 

barrier for the proper development of this new social scenario. It has also been observed 

that the Internet uses known as BAUI (Beneficial and advanced uses of the Internet) 

generate competitive advantages for families and individuals who use them. To study 

the extent to which there have been any changes in the evolution of Internet usage and 

access to BAUI over the economic crisis period involves asking questions regarding the 

impact of these economic circumstances on the digital possibilities of citizens, and 

therefore on their material and social wellbeing. Our interest in this paper focuses on the 

impact of the economic crisis on the digital possibilities of the different social classes 

and, specifically, the middle class.  

 Making use of the different yearly phases of the "Survey on the equipment and 

use of information and communication technologies in households” by the Spanish 

National Statistics Institute (INE), we analyze the evolution of Internet usage in Spanish 

families in the high, high middle, low middle and low classes to observe whether there 

are changes in their pattern of evolution during the period of the economic crisis. 

Likewise, we have selected one of the most significant economic BAUI, e-shopping, to 

analyze whether, during this period of time, there have been any changes in habits 

regarding advanced Internet uses among families of these social groups.  

 According to our study, there are no changes in the evolution of Internet usage 

penetration in Spain, by social classes, that are attributable directly to the economic 

crisis. The same goes for e-shopping usage. However, our study does point to one very 

relevant circumstance: the rise in digital inequalities during this period, which could be 

an indication of how the economic crisis may indirectly be affecting Internet usage 

among the Spanish middle classes.  

This paper is structured as follows. First, we describe the theoretical framework 

that forms the basis of our study on Digital Inequalities and the Digital Divide. Second, 

1 This paper is part of project CSO2012-35688, Ministry of Economy and Competitiveness of Spain.   
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we describe the methodology used to answer our question, as well as the results of the 

analyses carried out. Third, we present different possibilities for answering our research 

question taking as reference the results of our empirical study.  

 

THEORETICAL FRAMEWORK: 

The economic crisis affecting Spain, particularly since 2008, is part of one of the 

deepest cyclical global recession scenarios in developed societies. Indicators show it. 

Spain’s Gross Domestic Product (GDP) dropped from 3.11 to -1.38 from 2007 and 

2008. Spanish debt rose from 36% in 2007 to 100% of the country’s income in 2014. In 

2012, unemployment levels surpassed 20% of the active population and rose to over 

70% among the youngest tiers of the population (16-19 year-olds).  

 These circumstances have lead to a significant increase in social inequality. The 

Gini coefficient shows a worrying polarization of wealth, which towards the population 

groups with most resources (high classes). Thus, this coefficient in Spain was four 

points higher than the European average in 2011. The s80/s20 ratio shows that the gap 

between the 20% of the population most income and the 20% of the population with 

least income is increasing. In Spain’s closest geographic context, only Lithuania, Latvia 

and Romania show a greater polarization.  

 What happens, in this context, with the middle classes, that is, those that are in 

between those with most and those with least income in Spain? According to the 

Spanish Government’s Tax Authorities, in 2011, the average annual salary decreased, 

for the first time, to €22,642. The percentage of employed workers reached 58%, 

whereas prior to the start of the economic crisis, the percentage was more than 67%. For 

its part, income below the minimum wage increased by 5.6%, showing a significant 

transfer from the middle class to the low class. This circumstance meant that many 

families that had been reasonably well-off were now part of the three million people 

who are under the threshold of severe poverty. Prior to the start of the crisis, the people 

in this financial situation were half those in this situation now.  

 In such an adverse context, the digital sphere becomes a source of indicators that 

extends our perspective of the influence and evolution of the economic crisis in Spain. 

For instance, e-shopping, one of the emerging modes of consumption with the greatest 

possibilities in the Information and Knowledge Society, should be analyzed in this 

context, as it makes it possible to discern to what extent Spanish citizens, especially 

those belonging to the middle classes, devote resources to the purchase of goods and 
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services through the Internet. Likewise, the rate of Internet usage penetration among the 

population is an indicator to be taken into account within the framework of the 

economic crisis, as it tells us to what extent Spanish families reduce expenses 

renouncing to this service and limiting, at the same time, the economic possibilities 

offered by the Internet (e-banking, etc.). This is the general goal of this paper. However, 

in order to ensure a correct interpretation of the effect of the economic crisis, it is 

necessary to interpret the usage and uses of the Internet within the framework of the 

literature which has analyzed this sphere for over a decade.  

 

From the Digital Divide as differences in the use of the Internet usage to Digital 

inequality as differences regarding Beneficial and Advanced Internet Uses (BAIU) 

The Digital Divide refers to “the distance between people who have and people who do 

not have access to the Internet” (Van Dijk, 2006, pp, 221) and came into use in the 

nineties to describe the empirical evidence of the unequal penetration of the Internet in 

US households. The first time it appeared in writing is, according to Gunkel (2003), in 

the study carried out by the US National Telecommunications and Information 

Administration (NTIA, 1999). 

Already then, a significant number of specialists (Hoffman and Novak, 1998; 

Strover, 1999; Walsh, 2000; Attewell, 2001) showed that inequalities in Internet access 

were strongly influenced by geographical variables such as city size and geographic 

place of residence. Likewise, they showed that better positioned social groups (young 

people, men, educated people or people belonging to the middle or high classes) had 

higher rates of Internet access than less advantaged population groups (the elderly, 

people with low levels of education, women or those with low financial resources). This 

fact turned the study of the Digital Divide into meeting space for social scientists 

interested in warning of the potential risks associated with this unequal development of 

Internet access. 

However, in academic terms, the term Digital Divide is somewhat ambiguous. 

Van Dijk (2006) points out some epistemological aspects of this concept that generate a 

biased perspective of the type of inequalities they aim to describe. Thus, he maintains, 

among other points, that this concept suggests an overly simplistic division between the 

two population groups, people with access and people without access, which is, in 

addition, too static and, in appearance, very difficult to remedy. From this point of view, 

it is a deterministic perspective according to which the problem of digital inequalities 
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results from having or not having access to the Internet. That is, the provision of the 

resource would solve this form of inequality.   

One of the main obstacles for this concept to become a valid operational 

resource for the study of digital inequalities is the assumption that access implies use. 

Soon after, many studies showed that, despite having access to the Internet, whether at 

home or in public spaces fitted with the necessary equipment, many citizens did not 

make use of this technology. Around the year 2003, specialists had already focused their 

interest on the reasons why certain people or social groups did not make use of the 

Internet despite having access to the resource. This new perspective of the Digital 

Divide showed once again that the differences in Internet use are determined by social 

variables, whether racial (Hoffman et al., 2001), gender-based (Bimber, 2000; Cooper 

and Weaver, 2003) or defined on the basis of level of education (Bonfadelli, 2002), as 

well as another set of variables related with Internet skills (DiMaggio et al., 2004; van 

Deursen and van Dijk, 2009).   

As from the first years of this century, this field of study has turned its attention 

to a more complex analysis perspective in the relationship between Internet and 

inequality. One of the most interesting efforts has been aimed at analyzing to what 

extent certain Internet uses generate competitive advantage for its users (Van Dijk, 

2005). Studies have looked at issues such as how the Internet allows citizens to express 

their demands and interests in a simpler and more efficient way, how the Internet is a 

key factor for obtaining better goods and services and how the use of this medium gives 

users access to competitive resources. This kind of Internet use has been termed 

Beneficial and Advanced Internet Uses (BAIU). From this point of view, Digital 

Inequality would be the result of the difference between those citizens that make use of 

this kind of Internet service and tools and those who do not have the resources to make 

use of them.  

There are several taxonomies that attempt to order the elements that potentially 

affect the capacity of citizens to use BAIU (Dimaggio and Hargittai, 2001; Van Dijk, 

2006). One of the first in the field suggests ordering the dimensions of digital inequality 

into four categories: technical means, autonomy; social and institutional context; and 

digital skills and purpose of use of the Internet (Dimaggio and Hargittai, 2001).  

These last two authors consider that the limitations in hardware, software and 

type of Internet connection become an important barrier for using this technology 

without restrictions. Therefore, it is speculated that technological equipment is a 
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fundamental factor for understanding what services a citizen uses and, therefore, what 

advantages from Internet use they may attain. Second, along these same lines, the place 

from which the Internet is used, as well as control over which pages can be used, have 

been deemed essential factors for analyzing what kind of Internet uses citizens engage 

in. Using the Internet in public spaces such as cyber-cafes, computer centres or from 

work can involve a loss of autonomy for the user, affecting the kind of activities carried 

out online. Likewise, Internet use in public spaces often means being subject to 

restrictions on pages or Internet services they are allowed to use. The limitations in 

equipment and autonomy of use are material restrictions that involve significant 

limitations for gaining potential benefits from Internet use.  

Thirdly, social and institutional contexts have been deemed determining factors 

of the type of use made of the Internet. Citizens living in a technologically stimulating 

environment are quicker to develop a favourable disposition to using the Internet, as 

well as greater abilities to get more out of the use of this tool. For instance, adults with 

young people in their home are more likely to use the Internet more frequently and for a 

broader variety of purposes than people who live in less stimulating technological 

contexts (Rojas et al., 2004). Likewise, in a favourable institutional context where there 

are public strategies for the technological education of citizens, it also becomes a key 

factor for improving citizens’ abilities to access advantages of Internet use.  

Lastly, one of the factors that has attracted most attention among digital 

inequality specialists is the type and level of citizen’s Internet. It is deemed that the 

greater and more varied the knowledge and skills in the handling of the tool, the more 

likely it is that they can access potentially beneficial services. The literature (van 

Deursen and van Dijk, 2009) has generated two great categories for analysing digital 

skills. One the one hand, Internet Expertise and, on the other hand, Internet Proficiency. 

The first of them measures the degree of incorporation of the Internet in the user’s daily 

life. But it is deemed that an analysis of the time the citizen has been using the Internet, 

the variety of places where he/she connects to the Internet or the frequency they 

connect, enables us to measure their Internet skills. On its part, the variety of Internet 

uses made by an Internet user is also an indirect indicator of the technological skills of 

the Internet user. Even thought the literature has generated techniques that attempt to 

measure Internet use skills directly (Van Dijk, 2006; Hargittai, 2010), the concepts of 

Internet Proficiency and Internet Expertise are, given the complexity of the ways of 

measurement, the most common ways of evaluating digital skills in the literature.  
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The literature shows that each and every one of these dimensions is marked by 

social and demographic variables such as age, level of education, sex or social class. 

Thus, we have empirical studies (Robles, Torres and Molina, 2010) that allow us to 

affirm the social nature of the dimensions that explain Digital Inequality. It is here 

where the concept “Digital Inequality” takes on its genuine dimension. As shown in the 

studies indicated, the social and demographic variables are, together with the four 

dimensions outlined in this section, key factors for explaining the type of use that 

citizens make of the Internet. We find that very often the Beneficial and Advanced 

Internet Uses are engaged in more frequently by citizens with more material and 

educational resources. That is, BAIU provide potential advantages to citizens who were 

already more advantaged. Thus, the most relevant proposal of the studies on Digital 

Inequality is that the use of BAIU reinforces and broadens existing social inequalities in 

a given society to the extent that it provides advantages to citizens with a better social 

position. The corollary of this argument is that, according to the empirical studies 

(DiMaggio et al., 2004), this type of inequality, far from reducing, is increasing in 

developed countries.  

In brief, both the study of the Digital Divide and the analysis of technological 

inequalities, based on the BAIU, have shown the importance of the financial and social 

conditions of citizens in these kinds of inequality. Age and social class are the social 

and economic variables that have been most analyzed (Robles, Torres and Molina, 

2010). According to this study, the higher the social class the greater the level of 

Internet usage penetration. Likewise, the younger the citizens, the more likely for them 

Internet users. On their part, high class citizens are those which profit to a greatest 

extent from the Beneficial and Advanced Internet Uses. The same is the case with 

younger citizens, among which the use of BAIU is more common.  

The aim of this study is to analyze to what extent the economic crisis context 

strengthens, reduces or bears no influence upon this dynamics of digital inequality 

according to social classes. For this purpose, we analyze the evolution of Internet usage 

in Spain, by social class, during the two years prior to the economic crisis (2004 and 

2005) and during the two central years of this economic process (2010 and 2011). 

Likewise, we have selected e-shopping as a case of BAIU that is particularly beneficial 

in economic terms. We also analyze to what extent there are changes in the patterns of 

use of this service prior to and during the economic crisis according to this same 
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variable. With this analysis, we aim to delve deeper into the knowledge of the digital 

dimension of the economic crisis in Spain.  

 

METHODOLOGY: 

In this section we analyze, in the first place, the differences in patterns of evolution of 

Internet Access and of e-shopping behaviours shown by Spaniards before and after the 

onset of the economic crisis. For this study we have segmented the Spanish population 

both by age groups2, which is a key variable for explaining the acquisition of certain 

online conducts, and by social class3. This latter variable will allow us to see the effects 

of the economic crisis on the online conducts mentioned above in the Spanish middle 

class. For this purpose, we use low frequency time series analyses by means of ANOVA 

analysis. The data used are taken from the "Survey on Equipment and Information and 

Communication Technologies Use in households" of the National Statistics Institute 

(INE) in the years 2004, 2005, 2010 and 2011. Second, using the same data, we look at 

the influence of the age and social class variables on the adoption of e-shopping before 

and during the economic crisis. For this purpose, four path analysis models shall be 

implemented and confronted.   

 

The data 

To achieve our research goals, we have used data from the National Statistics Institute –

INE- (2011) obtained through the "Survey on Equipment and Information and 

Communication Technologies Use in households. These data, which collect information 

regarding Internet access and the different Internet uses by Spaniards, including e-

shopping, cover a time period from 2004 to 2011. For this work, we have used the 

variables “Internet Access” and “Purchase of products or services through the Internet”. 

Both variables are dichotomous and both measure the behaviours subject of the 

questions as regards the 3 months prior to the surveys.  

2 The variable included in the INE survey questionnaires has been used. Despite being continuous, it has been 
transformed into an ordinal and the categories it comprises are: 16 to 24 y/o, 25 to 34 y/o, 35 to 44 y/o, 45 to 54 y/o, 
55 to 64 y/o and 65 to 74 y/o. The “age” variable is, as explained in the body of the text, one of the variables with the 
greatest incidence on Internet usage. However, the goal of this study are social classes and, therefore, its use 
is aimed solely at serving as a control variable.  
 
3This variable has been constructed multiplying the numerical value associated with the level of studies of the subject 
by the number of devices in the household (computers, TV sets, mobile phones, DVDs, etc) and dividing them by the 
number of members of the household. This continuous variable has also been transformed into an n ordinal variable, 
with the following categories: Low Class, Low Middle Class, High Middle Class and High Class. This transformation 
was operated based on the quartiles of distribution of the numeric variable.  
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 The surveys of the different years share the same methods and sampling criteria, 

the same phrasing of the questions on Internet Access and e-shopping and, lastly, the 

same reply categories. The data are thus respectful with the criteria to be followed for 

the construction of time series.  

 The eight samples selected refer to the Spanish population, including both sexes, 

of ages between 16 and 74 and living in family households in national territory. One 

person only per home was interviewed, selected previously at random through a 

computerized method. 

 The sample design was carried out across the Spanish territory, through a three-

step sampling process, stratified by the units of the first step. These units coincided with 

census sections. The units of the second step are main family households. The third step 

selected one person in each household aged 16 or over. The criterion of stratification 

used was the size of municipality the section belonged to. In addition, for each 

autonomous community, an independent sample was designed to represent it. The 

sample is distributed across the autonomous communities applying a compromise 

allocation between the uniform and the proportional to the size of the community. 

Between the strata, the allocation is proportional to their size, also maintaining that the 

number of sections per strata in each autonomous community is a multiple of four. For 

those households where no phone contact was known, personal interviews were carried 

out with CAPI methodology. For households for which a phone contact was known, 

CATI interviews were held. Both questionnaires included the same data and used the 

same variables. 

 Chart 1 shows the number of subjects for each sample and the proportion of 

subjects interviewed by CAPI and CATI. We can point out that the sample sizes are not 

exactly the same. However, the homogeneity in the sampling method across the 

different years of data collection makes it compatible to use these same data to construct 

a time series. Lastly, we should point out the use of weighting factors to consider 

subjects and not households. For this purpose, we have used an elevation factor 

calculated by the National Statistics Institute. 
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Chart 1: Sample sizes of the 4 samples considered and division according to type of interview. Source: INE. 

 

 

Analysis 

To analyze the low frequency time series, such as those presented in this paper, it is not 

possible to implement prediction models such as, for instance, the Arima model. 

However, it is possible to draw conclusions on the evolution of data from the 

observation of trends of the series themselves. Together with these observations, Anova 

tests have been performed on a factor, in order to point out differences in percentages 

either between the years or between the different control variable categories, which are 

significant.  

 To look at the evolution of Internet access and e-shopping penetration rates, 

first, two Anova analyses were implemented, both with the year of the survey as the 

grouping factor and, as dependent variables, Internet access in one case and e-shopping 

in the other. The dependent variables are dichotomous variables. Therefore, instead of 

comparing measurements, the analysis compared percentages. Thus, percentage 

differences in access and e-shopping were observed between the different years, 

pointing out significant year to year differences. 

 At a second stage, the Anova analyses were repeated, segmenting the 

percentages based on the categories comprising the variables “age” and “socio-

economic status”. Several analyses have thus been implemented, one per survey year, to 

find out whether, in the same year and between the different grouping variable 

categories, there have been significant differences in Internet access and e-shopping 

 10 



percentages. In addition, to guarantee the validity of the comparison between all the 

percentages, subsequent Anova analyses were implemented between the years, 

selecting, for each analysis, only those subjects that responded to a specific category of 

those that comprise the Status variable. This way, a total of 38 Anova analyses were 

performed4. 

 For space reasons, we cannot present all the indices of the different analyses 

implemented. Therefore, we will only mention those percentage differences that were 

significant and those that weren’t, based on the Anova analyses.  

 

Results by “Internet access” 

Chart 2 shows Internet access percentages within Spanish society, between 2004 and 

2005 and between 2010 and 2011.  

 

 
Chart 2: Internet access penetration rates (2004/2005-2010/2011). Source: INE. 

 

All the percentages shown in the chart are significantly different from one another. The 

data seem to support the thesis that the Digital Divide is reducing, as Internet access 

rates have risen from 40.4% in the year 2004, to 67.1% in the year 2011. The chart also 

shows a growth trend, which would imply a process of gradual disappearance of the 

digital divide phenomenon.  

4For each of these analyses a Leven variance homogeneity test has been performed. According to the 
results of this test, the general goodness of fit of the model has been observed either from the F test of the 
Anova, in the case of the homogeneous variances, or from the Welch statistical test, in the case of non-
homogeneous variances. All analyses implemented have been significant. Thereafter, when confronting 
percentage pairs, combined with the different categories of the three socio-demographic variables or to 
the survey year, the Tukey indices have been used, in the case of the homogeneous variances and the 
Games-Howell indices in the case of having non-homogeneous variances.  
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 However, this trend is qualified upon analyzing the evolution of Internet usage 

by age and social class. Chart 3 shows Internet access evolution based on the different 

age groups.  

 

 
Chart 3: Internet access penetration rates by Age (2004/2005-2010/2011). Source: INE. 

 

The results of the Anova analyses tell us that, among the different categories of the age 

variable, and every year, all Internet access penetration rates are significantly higher 

than the others. If we consider the last year in the series, 2011, the data show a 

consistent difference between the access levels reached among the population segments 

ranging from 16 to 24 years of age and 25 to 34 years of age, 95% and 87.8% 

respectively, compared to the 55 to 64 and 65 to 74 age groups, 37.7% and 15.6%, 
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respectively. In addition, these two latter age groups show a slower growth rate, 

evolving only by 24% and 12.6% respectively, compared to the 32% and 36% growth in 

the 25 to 34 and 35 to 44 and 45 to 54 age groups. 

 Chart 4 shows the evolution percentages of Internet access according to the 

social class of the people surveyed. 

 

 
Chart 4: Internet access penetration rates by social class (2004/2005-2010/2011). Source: INE. 

 

Although there are no significant differences between the pre-crisis years and the years 

of the economic crisis, we do find substantial differences among the different 

populations segments. Although the highest growth rates are among low middle class 

(25%) and low class (23%) Spaniards, the differences between these and the high and 

high middle classes range between 25 and 60 percentage points. Indeed, in these two 

latter population segments, Internet access reached 89% and 78% respectively in 2011. 

On the other hand, that same year, the percentage of Internet users of low and low 

middle social classes was 58% and 33%. 

 

Results by “E-shopping” 

Chart 5 shows online service and product purchase trends in Spain between the years 

2004/2005 and 2010/2011. We should point out that these percentages do not refer to 
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the Spanish population but to Spanish Internet users. The Anova analyses have pointed 

to significant differences between the percentages of every year that makes up the time 

series.  

 

 
Chart 5: Rate of penetration of e-shopping in Spain (2004/2005-2010/2011). Source: INE. 

 

We can note an evolution of the penetration rate of this kind of Internet use, which goes 

from 5.5% of all Internet users in 2004 to 18.9% in 2011.Also in this case, the data 

seem to support the hypothesis of a downward growth trend of the level of digital 

inequality in Spanish society. 

 Again though, a more specific analysis qualifies this initial conclusion. Chart 6 

shows e-shopping penetration rates among Spanish Internet users according to the 

different age variable categories.  
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Chart 6: E-shopping penetration rates in Spain by age (2004/2005-2010/2011). Source: INE. 

 

According to the Anova analyses carried out, all percentages resulted significantly 

different between one another, both considering comparisons between the age variable 

categories and comparisons between the years. The data show that the highest 

percentage of e-shoppers is among Internet users aged between 25 and 34. 30.2% of 

these had made a purchase online in 2011. This percentage also registered the highest 

growth since 2004, with a 20.2% growth. Internet users aged 16 to 24 and 35 to 44 

show similar percentages and growths. Both segments started off with percentages of 

around 6% of Internet users in 2004, and reached 21-23% in 2011. 

 The 45 to 54 year old Internet user age segment went from 4.1% in 2004 to 

16,2% in 2011. We note that the line that characterizes this age group goes from being 

close to the two older age groups to a greater proximity to the Internet users aged 16 to 

24 and 35 to 44 years of age.  

 Internet users aged 55 to 64 showed, in 2004 and 2005, e-shopping penetration 

rates very similar to those characterizing Internet users aged 45 to 54. However, by 

2010, the two age sections show different patterns of evolution. Whereas Internet users 
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aged 45 to 54 reached percentages of 16,2% in 2011, those aged  55 to 64 only reached 

9.2%. 

 The age group with least Internet users who engage in e-shopping is, as 

expected, citizens between the ages of 65 and 74. The evolution of this group was very 

modest, rising from 0.2% to 3%. 

 Lastly, chart 7 gives us indications of the penetration of e-shopping among 

Internet users using socio-economic status as the grouping variable.  

 

 
Chart 7: E-shopping penetration in Spain by social class (2004/2005-2010/2011). Source: INE 

 

In this case, no direct effects of the economic crisis on the evolution of e-shopping 

penetration in the different social classes were observed. In the 4 categories, over these 

years, there has been an increase of the percentage of Internet users that buy products 

through the Internet. However, also in this case, there is a very significant difference 

between the low and high social classes. The latter show a growth rate of the percentage 

of e-shoppers from 2004 to 2011, of approximately 30%. However, low middle class 

Internet users who purchase products or services online increased by 20%. This 

circumstance occurs despite the fact that in 2004 the percentages were very close to 0%, 
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very similar to low class Internet users. Lastly, as regards the latter, the growth rate of 

the e-shoppers has been the lowest (barely 15%). 

 

Path-Analysis: the evolution of trends 

To study the evolution of the influence of the age and social class variables on e-

shopping, we have analyzed, firstly, four path-analysis models. These models compare 

patterns of influence over the 4 years selected. As shown in figure 1 and in table 1, there 

is an increase in the predictive capacity of social class (status) on the dependent variable 

“e-shopping” (2004 = 0.156 ; 2011 = 0.244)  as well as an opposite pattern of age on the 

same dependent variable (2004 = -0.092 ; 2011= -0.212).  

 

 

 

Figure 1: representation of standardized weights, broken down by year 
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 Estimated relations Estim. Stand. S.E. C.R. P 

2004 E-Shopping <---       Status .009 .156 .000 18,837 *** 
 E-Shopping <--- Age -.002 -.092 .000 -11.146 *** 
2005 E-Shopping <---       Status .016 .206 .001 27,329 *** 
 E-Shopping <--- Age -.005 -.127 .000 -16.830 *** 
2010 E-Shopping <---       Status .026 .220 .001 29,435 *** 
 E-Shopping <--- Age -.002 -.200 .000 -26,875 *** 
2011 E-Shopping <---       Status .025 .244 .001 32,409 *** 
 E-Shopping <--- Age -.014 -.212 .000 -28.219 *** 

 Table 1: standardized weights broken down by year. 

 

Secondly, to analyze whether the increase of the predictive relationship of the 

independent variables on the dependent variable is significant, we have carried out two 

analyses to compare the models. In the first one, we implemented a multigroup analysis 

(segmented by years 2004, 2005, 2010 and 2011) with two models (the first without 

restrictions and the second, establishing the relationship between status and e-shopping 

the same for all years). The results allow us to state that the model with the same 

relationship for all years has a significantly worse fit with the model where the same 

parameter is estimated freely (χ2 = 79617,77, p <.001). This model also offers a 

satisfactory fit index (AGFI =0.936, RMSEA =0.063, SRMR = 0.044) which allows us 

to state that in the different groups, the relationship between status and e-shopping 

changes significantly in the direction previously indicated.  

 In the second model we have repeated the same procedure, carrying out a second 

multigroup analysis (segmented by years 2004, 2005, 2010 and 2011) with two models 

(the first without restrictions, and the second establishing the age-e-shopping 

relationship the same for all years). As with the previous analysis, the results allow us to 

state that the model of equal relationship for all years has a significantly worse fit than 

the model where the same parameter is estimated freely (χ2 = 47674,521 p <.001). The 

mode offers a satisfactory fit index (AGFI =0.956, RMSEA =0.053, SRMR = 0.043) 

which, again, allows us to verify that in the different groups the relationship between 

age and e-shopping changes significantly. 
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DISCUSSION: 

The ANOVA analyses show several particularly important circumstances for the goals 

of our paper. First, we find that both Internet usage and e-shopping penetration rates in 

Spain have risen significantly since 2004, with no reduction or slowing down of this 

upward trend during the years of economic crisis. Therefore, our data do not provide, in 

principle, evidence of a direct and measurable effect of the context of economic crisis 

on the use of resources by Spanish citizens to connect to the Internet and/or purchase 

goods and services online.  

 However, secondly, the ANOVA analysis by social class does provide us with 

substantive information to qualify the above result. We find a positive evolution of all 

social classes throughout the period observed. However, the middle classes (both the 

low middle and the high middle classes) are the population groups with the smallest 

increase in Internet penetration in Spain, both before and after the economic crisis. In 

the case of the low middle class, this percentage is practically nil during the years prior 

to the crisis. In the case of the middle-high class, Internet usage penetration drops 

during the years of the crisis.  

 In relation with the BAIU studied, e-shopping, we also observe a positive 

evolution process across all social classes. Despite this, the pattern of evolution of the 

middle classes seems to be subsumed by that of the closest social classes. Thus, the 

evolution of e-shopping in the low middle class is very similar to the low class. On its 

part, the behaviour of the high middle class according to this indicator is practically the 

same as that of the high class. There is therefore a process of polarization of the middle 

social classes.  

 The deeper analysis offered by the Path Analysis model allows us to specify the 

influences of the social class and age variables on the BAIU we have selected for this 

study, e-shopping. Now we know that the “social class” variable has a significant 

influence on the use of this economically advantageous service. The higher the social 

class a citizen belongs, to the higher the likelihood of them engaging in e-shopping. 

However, here we find a peculiar circumstance. This trend, far from reducing over time, 

tends to increase, thereby widening the divide existing in 2004.  

 E-shopping is one of the economic uses of the Internet the Spanish population 

resorts most. Almost 20% of Spaniards bought goods or services through the Internet in 

2012. The advantages are many. It offers a scenario of greater competitiveness for 

 19 



companies and, therefore, generates lower prices both for goods and services. It allows 

citizens to access better and more varied consumer offers. It renders more flexible and 

reduces many costs associated with consumption, such as time devoted to shopping and 

the need to go to the points of sale. Lastly, it makes it possible to access more and better 

information regarding product features and consumer experiences of previous clients or 

customers. It is therefore an economic resource that reduces costs, saves time and 

improves citizens’ shopping possibilities.  

 According to our ANOVA analysis, during the years prior to the economic 

crisis, the four social classes observed showed polarization (the high middle and high 

classes on the one hand, and the low middle and low classes on the other) but with rates 

of adoption of this service that are not very different. However, during the years of 

onset and development of the crisis, the polarization increases. Citizens of the social 

classes with the least resources (mainly low class but also low middle class) have a far 

lower rate of incorporation of users to these services. Meanwhile, the high classes 

(especially the middle-high class) increased their percentage of users of this service 

significantly. Obviously we cannot attribute this result directly to the economic crisis. 

We do not know whether this pattern would have also held in a more stable economic 

scenario and we should remember that, at the starting point of our analysis, prior to the 

crisis, there already was significant inequality. However, it is relevant to point out that 

during the years analyzed, the distance between the richest and the poorest, which was 

already noticeable in the years prior to the crisis, has widened and deepened. This is 

consistent with the general indicators such as the GINI coefficient or the s20-s80 Index 

shown above.  

 In line with this interpretation of the growth of inequality are the data offered by 

the Path Analysis implemented for this study. As we have pointed out, social class helps 

us forecast the behaviour observed, namely e-shopping. The higher the social class of 

the citizen, the greater the likelihood of them using this service. Far from reducing, our 

analysis shows that this trend increases over the years. Again, this result supports the 

polarization thesis. Being part of the high class or middle-high class has a significant 

influence on the likelihood of taking advantage of what e-shopping offers. This trend 

has not ceased to increase since 2004, even though it would have been expected, in 

accordance with the normalization theses (Norris, 2001), that digital inequalities would 

reduce over time, with a narrowing of the distance between those with a greater and a 

lesser disposition to accept the use of new services. But, at the moment, this process of 
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convergence in the degree of use has not occurred and, what is more, it is worth noting 

that the economic crisis and the process of deepening of social inequalities are 

synchronous.  

 In brief, replying to the main question of our research, as formulated at the start 

of this paper, we are in a position to state that during the economic crisis digital 

differences between those citizens of social classes with the most resources and those 

with the least either remain flat or grow. This could make us think that the economic 

crisis has not only generated greater inequality in the digital field, but that it could be 

preventing or slowing down the reduction and therefore, the adequate development of 

the Information and Knowledge Society in Spain. Thus, one of the greatest risks 

associated with the process described in this paper is that digital inequalities are 

affecting the middle classes and, thereby, reinforcing and strengthening traditional class 

inequalities.  
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